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Abstract

Concentration and deviation inequalities are obtained for functionals on
Wiener space, Poisson space or more generally for normal martingales and bino-
mial processes. The method used here is based on covariance identities obtained
via the chaotic representation property, and provides an alternative to the use
of logarithmic Sobolev inequalities. It allows to recover known concentration
and deviation inequalities on the Wiener and Poisson space (including the ones
given by sharp logarithmic Sobolev inequalities), and extends results available
in the discrete case, i.e. on the infinite cube {—1, 1}°°.
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1 Introduction

The purpose of the present paper is to further explore topics in concentration and
deviation inequalities, in particular in infinite dimensional settings. Deviation and
concentration have attracted a lot of attention in recent years well summarized in

[17, 18] where the reader will find up-to-date information, precise references and credit.
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Among the various methods used to obtain these results one that we would like to
emphasize is based on covariance representations. In particular, it was used in the
Gaussian or more generally infinitely divisible cases in [3], [13]. Here we tackle the in-
finite dimensional case with a similar method, recovering the results recently obtained
in [2], [5], using (modified) logarithmic Sobolev inequalities, and also the stronger re-
sults of [30] obtained from sharp logarithmic Sobolev inequalities, cf. Corollaries 4.3
and 5.1. We also show that our method covers the discrete case and carries the concen-
tration inequalities of [5] to infinite dimensions, c¢f. Proposition 7.8 and Corollary 7.7.
The content of this paper is as follows. In the next section, we briefly review the
notion of normal martingale and recall elements of its structure theory. Section 3 is
devoted to concentration inequalities for normal martingales having the chaos rep-
resentation property. This is then specialized to “deterministic” structure equations
that simultaneously cover the Poisson and Wiener cases in Section 4. The general
case of Poisson random measure on a metric space is treated in Section 5, and the
gradient of [8] is also used in Section 6 for the Poisson process on R . Section 7 is
devoted to the case of the binomial process, and it includes functionals on the infinite

discrete cube under non-symmetric Bernoulli measures.

2 Preliminaries: normal martingales

Let (M;)icr, be a normal martingale, i.e. (M;)icr, is a martingale with deterministic
angle bracket d(M;, M;) = dt. Let (F;)icr, be the filtration generated by (M;)icr,

and let 7 = \/ F;. The multiple stochastic integral I,,(f,,) is then defined as
teRT

[e%¢] tn to
In(fn) :n'/ / / fn(tlu"'7tn)th1"'thna fn €L2(R+)On7 n > 17
o Jo 0
where L?(R})°" is the set of symmetric square integrable functions on R”, with

E[In(fn)fm(gm)] = n!l{n:m}<fn, gm>L2(R+)On. (2.1)

We assume that (M;)cr, has the chaos representation property, ie. every F €

L*(Q, F, P) has a decomposition as F' =Y " I,(f,). Let D : Dom(D) — L*( x



R, ,dP x dt) denote the closable gradient operator defined as
DiF =Y nly(fu(x, 1), dPxdt—ae.,

with F'' = 3>, I,(f,). The Clark formula is a consequence of the chaos represen-
tation property for (M;).er, , and states that any ' € Dom(D) C L*(Q, F, P) has a
representation

F = E[F] + /OO E[D.F | F)dM,. (2.2)

It admits a simple proof via the chaos expansion of F':

F = +Zn'// /fntl,... WMy, - dM,,

_ E[F]+Zn/0 Lo (Fu( t) 1 ucry )M, = E[F] +/OOO E[D,F | F)dM,.

Let (P)tcr, denote the Ornstein-Uhlenbeck semi-group, defined as
PtF = Z e_ntln(fn)a
n=0

with F' =" L,(fn)
Proposition 2.1 Let F,G € Dom(D). Then
Cov(F.G) = [ / DFE[DG | ft]dt} (2.3)

and

Cov(F,G) { / / e *D,FP,D Gduds} . (2.4)

Proof.  The first identity is a consequence of the Clark formula. By orthogonality
of multiple integrals of different orders and continuity of P, on L*(f2), it suffices to

prove the second identity for F' = I,,(f,) and G = I,,(g,). But

EIL({a)] = alf g = 18 | [ DuFD.Gal

= F [/ es/ DuFPsDquuds}.
0 0



Relation (2.4) implies the covariance inequality
ICoV(F, )| < [IDF | (0.220) E[1 DG o, - (25)

If (My)ter, is in L*(2, F, P) then the chaos representation property implies that there

exists a square-integrable predictable process (¢)¢cr, such that
d[Mt, Mt] - dt + ¢tht7 t € R+. (26)

This last equation is called a structure equation, cf. [11]. Let 4 = 1y4,—0y and j; =
1—i; = 1y, 201, t € Ry. The continuous part of (M;)er, is given by dM; = i,d M, and
the eventual jump of (M;),cr, at time ¢ € Ry is given by AM; = ¢, on {AM, # 0},
t € Ry, see [11], p. 70. The following are examples of normal martingales with the

chaos representation property, cf. [11].

a) (¢1)ier, is deterministic. Then (M;);cr, can be represented as
th == itdBt + ¢t(dNt - )\tdt), t c RJH MO - O, (27)

with Ay = (1—i;) /7, t € Ry, where (By)ter, is a standard Brownian motion, and
(Ni)icr, a Poisson process independent of (By)scr, , with intensity v, = fot Asds,

tER,.
b) Azéma martingales where ¢; = SM;, 5 € [—2,0).

If (¢1)ier, is a deterministic function, then ¢, D; is still a derivation operator, and we

have the product rule
Dt(FG) — FDtG + GDtF + thDtFDtG, t 6 R+, (28)

cf. Proposition 1.3 of [25]. In fact D; can be written as
_Je

o
where A? is the finite difference operator defined on random functionals by addition

at time ¢ of a jump of height ¢; to (M;)er, . If ¢4 # 0, this implies

D, AY +i,Dy, (2.9)

D F _ { oDy F
el = 5 (e 1), (2.10)

t



and at the limit ¢, — 0, D; becomes a derivation: D,ef” = e D,F.
In the deterministic case, an Ornstein-Uhlenbeck process (X;).cr, can be associated

with the semi-group (F;)scr, , and this implies the continuity of P;.

Lemma 2.2 Assume that (¢¢)icr, is a deterministic function. For F' € Dom(D) we

have

||.PtDF||Loo(Q7L2(R+)) < HDF||L0<>(Q7L2(R+)), teR,. (2.11)

Proof. Let (My)icr, be defined as in (2.7) on the product space 2 = €2y x € of in-
dependent Brownian motion (B;)«cr, and Poisson process (N;)icr, . The exponential

vector

n=0

f € L'(Ry)N L*(Ry), has the probabilistic interpretation

£(f) = exp ( / i f(5)dB(s) + / " o log(1 + 6(s)f(s))AN(s)

1 / > > f(s) )
—= isf(s ds—/ Js——=ds | .
2Jo 5) 0 (s)
Let (X})ier, and (X5)ier, be respectively the classical Ornstein-Uhlenbeck process

on Wiener space, and the Ornstein-Uhlenbeck process on Poisson space [29]. We have
Ele(f)(X1, X3) | (X], X3)]
= & oo ([ Tir@axio + [ itost + 005 ()axi(s)
0 0

—% /000 isf(s)ds — /Ooojs%ds) | (Xl(o)aXQ(O))]

= oxp ( / e (5)aX0(s) + / " julog(1+ €6 () f(5))dXD(s)
—% /000 ise ' f(s)ds — /000 jse_t%ds) :
= (e (XD, XD) = Pe(f).

This identity extends to linear combinations of exponential vectors by linearity, and

to L*(Q) by density and continuity of P;. This implies that
[P DF | 0,12y)) < |BDF|2®y)llee@) < I1DF 12w,y € Ry,

for all ' € Dom(D). O



Before proceeding to general concentration inequalities for normal martingales with
the chaos representation property, we note that some infinite dimensional inequalities
can be obtained from their finite dimensional analogues. For example if (M;)ier,
is a standard Brownian motion, then D is a derivation operator whose action on
cylindrical functionals of the form F = f(Ii(e1),...,Ii(e,)), €1,...,e, € LA (R,), f
bounded and C! on R", is given by

DiF =Y ei()dif(Li(er),..., Ti(en)), tER,.
i=1
We also have the relations

|DF |2,y = |V fl(Li(e1), ..., Li(en)), a.s.,
and
IDF | e 0,L2@1)) = [ fllip-

Applying the Gaussian isoperimetric inequality of Borell, Sudakov and Tsirel’son ([7],
28]) to F' = f(Ii(e1),...,[i(en)) with || DF|| L= r2®,) < 1, leads to concentration
inequalities. By density of the cylindrical functionals this result extends to Wiener
functionals F' in the domain of D and satisfying the condition || DF|| e 2,y < 1.
In a similar way, the Gaussian concentration inequalities obtained in [22], [18] or [3],

extend to infinite dimensions.

3 Concentration inequalities in the general case

In this section we work in the general framework of normal martingales with the chaos

representation property, to do so we extend some arguments of [13].

Lemma 3.1 Let F € Dom(D) be such that E[e®"] < oo, and e* € Dom(D),

0 < s <ty for sometyg > 0. Then

t
E[e!F~EIN] < exp (/ h(s)ds) . 0<t<t,, (3.1)
0

where h is defined as

hs) = / 1DuF |l Due odu, s € [0,4,]. (3.2)
0



Proof. Let us first assume that E[F] = 0. We have
Ewﬁj:zﬂ/zmmwawwﬁﬂﬁmﬂ
0
zlﬂ/_m#TWJWqu
0

< Ewﬁ/ IDuF sl Due|laodu, 0 < 5 < to.
0

In the general case, letting L(s) = E[e*"FIFD] we have

H(F— B[F ' L(s) ' E[(F — E[F))e" )]
log( E[e!F~EEFD) :/o () ds S/o Eles 0~ ETD)] ds,

0<t<t. O

Given F € L*(Q) we denote by nr the process
ne(t) = E[DF | Fy], teRy,
i.e. we have
F = E[F] +/ ne(t)dM;.
0
A modification of the above proof as
E[Fe’t] = {/ Dye*fnp(u du} < E[e]|e”* " De* || 2w ) ImFl 2]
< E[e"] e De’" || Lo,z 77 | oo @,02(R4 )

also shows that (3.1) holds with

h(s) = lInFll L@ 2@y lle ™ De*" || Lo a2y ) -

Various deviation inequalities can be obtained from this function, however it will not
be used any further since it does not directly involve the norm of DF'.
In the next lemma we apply the semi-group correlation identity (2.4). We refer to [19]

for other applications of semi-groups, in particular to logarithmic Sobolev inequalities.

Lemma 3.2 Let (P,)icr, satisfy (2.11). Let F € Dom(D) be such that E[e®!Fl] < oo,
and e’ € Dom(D), 0 < s < tg, for some ty > 0. Then

t
E[et(FfE[FD] < exp (/ h(s)ds) , 0<t<ty, (3.3)
0

7



where h is any of the functions

h(s) = ||DF||LOO(QVL2(R+))He_SFDeSFHLoo(Q’LQ(RJr))7 S € [O,to], (34)
G_SFD€SF
h(s) = T DF ||DFH%°°(Q,L2(R+))7 s € [0, to]. (3.5)

Proof.  Again assume first that E[F] = 0. If the Ornstein-Uhlenbeck semi-group
satisfies (2.11), then

E[Fet] = E{ / e / DueSFPUDuqudv}
0 0

IN

E |:€SFH68FD€SFHL2(R+) /0 €vHPvDFHL2(R+)d/U:|

IN

E |:68Fj| HeiSFDeSF“LOO(Q,LQ(R_Q.)) H/ 67UPUHDF||L2(R+)de
0

oo

IN

E [GSF} HeSFDGSFHLoo(Q7L2(R+))/O eiUHDFHLoo(gLLQ(R_‘_))d/U

< FE [eSF} HJSFD@SFHLOO(Q,L?(M))HDFHL"O(Q,LQ(RH)'

A similar argument shows that

E[Fe’f] = FE / e / DueSFPvDuqudv}
LJo 0
r 6stl)esF 0o B
< E et —r OO/O e ”HDFP,,DFHLl(R”dU]
r €_SFD68F 0o B
< E|ef —r 00/0 e UHDFHLQ(RJr)"PUDF"LQ(R+)dU:|
estDesF [e's] B
< Ele] ||—=5—]| IIDFlli~@ @) / e Py DF| 2wy dv
DF 00 0 [e’¢)
. e—sFDesF 0 Y
< E[e*] —F HDFHLOO(Q,L2(R+))/ e | DF| Lo L2, ) dv
0o 0
—sF sF
s || € De 2
< E[e’] —Dr OOHDF||L°°(Q,L2(R+))'
The remainder of the proof is as in Lemma 3.1. 0

From these lemmas a general concentration inequality follows:

Proposition 3.3 Let F' € Dom(D) be such that E[e®!F!] < 0o, and e*F € Dom(D),
0 < s < tg, for some ty > 0. Let h be the function defined either in (3.2), or (if

8



(1)ier, is deterministic) in (3.4) or in (3.5). Then
P(F — E[F] > z) <exp (— /x h_l(s)ds) ,  0<a < h(ty),
0
where h™! is the inverse of h.
Proof. From Lemma 3.1 we have for all z € R,:
e®P(F — E[F] > z) < E[!F-EFD] < HO 0 <t <t

with .
H(t) = / h(s)ds, 0 <t <t,.
0

For any 0 < ¢ <t we have 4(H (t) — tz) = h(t) — z, hence

)
min (H(t) —tr) = H(h '(2)) —ah (z) = /0 h(s)ds — zh™*(x)

0<t<to
= / sdh™(s) —zh™(z) = —/ h~t(s)ds.
0 0

4 Concentration and deviation inequalities for de-

terministic structure

In this section we work with (¢;)cr, a deterministic function, i.e. (M,;)er, is written

as in (2.7). This covers the Gaussian case for ¢ = 0, and also the general Poisson

case, as shown in Sect. 5.

Proposition 4.1 Let ' € Dom(D) be such that Ele*F] < oo, for some ty > 0.

Then
P(F — E[F] > z) < exp (— /Ox h—l(s)ds) . 0< 2 <h(ty),

where h™' is the inverse of any of the following functions:

0 u 0

h(t) = ||DF || 0,12l (€177 = 1) oo (L2 @)

h(t)z\ emm_l)H IDFIsoany ¢ € 0,t0]

o7



Proof. In the deterministic case, e ¥ De'f" € L*(Q2 x R, ), with

et D,etf = ZS_“ (e!9PuF — 1) 4iytD,F, u € Ry, (4.4)
which can also be written as
1
e D ett = — (et‘z’“D“F — 1) , (4.5)

by replacing ¢, ' (e"*P+F — 1) with its limit as ¢, — 0, i.e. tD,F, if ¢, = 0. It
remains to apply Proposition 3.3. 0
Note that the inequalities given by (4.1), (4.2) and (4.3) are not comparable. Using
the bound

‘¢71(et¢>uDuF . 1)‘ < t’DuF‘etM)uDuF\’

u

for all values of ¢, € R, Proposition 4.1 also holds for the functions

h(t) =t / | Do F 12| €819 51| o dus,
0
and

h(t) = t||DF||Lw(Q,L2(R+))||efWDFlpFHLm(Q,LQ(Rm, t € [0,1o].

We will show in the rest of the paper many instances where we can estimate h and
h=1.

Proposition 4.2 Let F' € Dom(D) be such that E[e*F!] < oo, for some ty > 0, and
Ou D F < K(u) a.s., u € Ry, for some function K : R, — R. Then

P(F — E[F] > x) <exp (— /Ox hl(s)ds) , 0< 1z <h(l),

where h™! is the inverse of

1 .
h(t) = K—(-)(etK() _ 1)“ ]|DF||%OO(Q,L2(R+)), t € [0, to).
Proof.  Since the function = — (e* — 1)/x is positive and increasing on R, we have
et D, ett! 1 1
0< u _ tou Dy F 1) < tK(u) 1 R
ST oubir )= KW ) uwERy,
and tF ) tF
e ""Dye 1
o< () _q R,.

DF | SEw" ) ueR,

It remains to apply Proposition 3.3 and Lemma 3.2. 0

10



The following corollary is the main result of this section. It unifies the Poisson and
Brownian case, and allows in particular to recover the classical inequality (4.7) in the
case ¢ = 0, i.e. on Wiener space cf. [22], and Proposition 3.1 of [30] which is proved

from the sharp logarithmic Sobolev inequalities on Poisson space [5].

Corollary 4.3 Let F € Dom(D) be such that pDF < K a.s. for some K > 0 and
| DF||poo,r2(r,)) < 00. Then for x >0,

||DF||%M(Q,L2(R+)) K
exp | — 5 g 3
K IDF 7.2,

x K
< exp (—glog (1 + IDF[2 )) , (4.6)

LOO(QvLQ (R+))

P(F — E[F] > z)

IN

with g(u) = (1 +u)log(l +u) —u, u>0. If K =0 (decreasing functionals) we have

22
P(F — E[F] > x) <exp (— 5 ) . (4.7)
2[[DF 7o r2 )

Proof. ~ We first assume that /' € Dom(D) is a bounded random variable. The

function A defined in Proposition 4.2 satisfies

1

h(t) < E(etK - 1)HDF||%°°(Q,L2(R+))7

hence

x B 1 T _
_/O R (t)dt < _E/o log <1 +tK||DF||LZO(Q7L2(R+))> dt
1 1 _
= i (6 T IDP g0 108 (14 eKIDFI e ) ~ )
and (4.6) holds for all x > 0 since F' is bounded. If K = 0, the above proof is still
valid by replacing all terms by their limits as K — 0. If ' € Dom(D) is not bounded
the conclusion holds for F,, = max(—n,min(F,n)) € Dom(D), n > 1, and (F},)nen,
(DF,)nen, converge respectively to F and DF in L?(Q), resp. L*(Q x R,), with
IDE oo 2@,y < NIDF e L2, )): 0
The bounds (4.6) and (4.7) respectively imply E[e®/Floe+IFl] < oo, for some a > 0
and E[e*] < oo, for all a < (2| DF ||} 12z,y) "

11



In particular, if F' is Fp-measurable with DF < K for some K > 0, and if morevoer

¢r = ¢ € R, is constant in t € R, then

P(F — E[F] > z) <exp (—%g (%)) < exp (—2;¢ log (1+ %)) ,

since || DF ||, r2r,) < KT. This improves (as in [30]) the inequality

P(F — E[F] > ) < exp (—45}( log <1 + ﬂ)) . (4.8)

obtained from Proposition 6.1 in [2] which relies on modified (and not sharp) loga-

rithmic Sobolev inequalities on Poisson space.
Corollary 4.4 Let ¢, = ¢ € Ry, t € Ry, be constant. Let F' € Dom(D) be such that
|DF||e < K and [|[DF| 1w, 1)) < 00. Then

IDF|p @, @) x
P(F—E[F]>z) < exp (— + g
P*K IDF|| 2y, L)

< e (i (14 ez
< exp|—=—=1lo :
20K |DF|| 2@, L)

with g(u) = (14 u)log(l +u) —u, u > 0, and we have E[eNFe+1Fl] < oo for some
A>0. If¢; =0,t €R,, and F € Dom(D) is such that | DF||2(R., L>=(2)) < oo,
then

ZEQ
P(F —E[F]>z) <exp <— ) . (4.9)
2| DF| 2@y Lo (o)

Proof. The function defined in (4.1) of Proposition 4.1 satisfies

ht) < ¢ (e = 1)||DF||nir, ro)).

which allows to follow the proof of Corollary 4.3. In the limiting case ¢ = 0, Re-
lation (4.1) gives h(t) = t|DF||12r, 1), hence —h~'(t) = —t||DF||;22(

Again we may first obtain (4.9) when F' is bounded and treat the general case via an

R+7LOO(Q)) ’

approximation argument. U

Corollary 4.4 is weaker than Corollary 4.3, however it relies only on the Clark formula
(i.e. on (4.1) and Lemma 3.1), not on the use of semi-groups. For this reason it
can be stated for any derivation operator D which can be used in the Clark formula.
In particular it transfers immediately to the Poisson space for the operator D, see

Sect. 6.

12



5 Difference operator on Poisson space

Let X be a o-compact metric space and let 2% denote the set of Radon measures

i=N
QF = {W:Z% D (t)EY C Xt £ty Vi, NENU{OO}},

where ¢, denotes the Dirac measure at ¢t € X. Given A € B(X), let F4 = o(w(B) :
B € B(X), B C A). Let o be a diffuse Radon measure on X, let P denote the
Poisson measure with intensity o on Q% and let also L2(X) = L*(X, o). The multiple

Poisson stochastic integral I,,(f,,) is then defined as
/ fn tlw”atn)(w(dtl) _U(dtl)) (w(dtn) _O(dtn))v fn € L?;(X)ony
with A, = {(t1,...,t,) € X" : t; #1;, Vi # j}, and the isometry formula

EL(fa)In(gm)] = 2L fnmmy { fas Gm) 12 ()0

holds true (see [21]). Moreover every square-integrable random variable F' € L?(QX, P)

admits the Wiener-Poisson decomposition

F=3"L(f).

in series of multiple stochastic integrals. The linear closable operator
D:L*(Q%,P)— L x X,P®o)
is defined via
DI, (fn)(w) = nlp 1 (fu(,1))(w), P(dw)®@o(dt) —a.e., neN.
It is known, cf. [15] or Proposition 1 of [21], that
D\F(w) = F(wU{t}) — F(w), dP x dt — a.e., F € Dom(D),

where as a convention we identify w € Q¥ with its support. Since there exists a
measurable map 7 : X — R, a.e. bijective, such that the Lebesgue measure is the
image of o by 7 (see e.g. [9], p. 192), Corollary 4.3 and Corollary 4.4 can be restated.
Again we recover Proposition 3.1 of [30] in the setting of Poisson random measures

on a metric space, without using (sharp) logarithmic Sobolev inequalities:

13



Corollary 5.1 Let F € Dom(D) be such that DF < K, a.s., for some K > 0, and
| DF || o (0,2(x)) < 00. Then

HDFH%OO(Q L2(X)) K
P(F — E|F| > < — ’
( Flzo) < exp < K? g IDF? (Q,L2(X))

< log | 1+ iaad
< exp 0g ,
2K IDFIE g oo

with g(u) = (1 +u)log(l +u) —u, u>0. If K =0 (decreasing functionals) we have

22
P(F—E[F]>x)<exp| — . (5.1)
2| DF 70,12 (x))
In particular if F' = [, f(z)w(dz), then ||DF ||~ r2x) = |fll2x) and if f < K,

s., then

P (/X F@)(w(dz) — o(dz)) > x) < exp (— Jx szZU(dx)g (fx foga(dI>)> ,

which covers Proposition 2 of [27]. If f <0, a.s., then

(/ @) (i) 2 ) < e (_2fxf2i>a<dw>)'

If F = [, f(x)w(dz), then ||DF||11(x r(0)) = || fllz1(x), and we obtain

P(/Xf(x)(”(d‘”“’(d"””za < oo (- fX|fo||: - (fxlf @)

In case f > 0 a.s., this can be written as

(st —etwnzs) < eo (- (gm) )

As an application we consider as in [27] a family (V,).en C L*(X) of functions with

values in [0, K], with 0(X) < oo, and the functional

F = sup /X U, (2)w(d).

Then
0 < D,F = sup ( /X W, () (dz) + \I/a(x)> ~ sup /X U, (2)w(dz),

a€eN a€eN

14



hence

0< D,F <sup¥,(z) < K,

aeN

and
T
P(F—FEF|>2) < —o(X — .
(F = BIF) 2 0) < o (-0 (g (1))
Moreover,
0 e—U(X)
E[F] = Z - / sug(\lf o) + -+ Vy(zy,))o(dzy) - - - o(dxy,)
=t Jxnoae
> ¢ / sup ¥, (xq)o(dxy) - - - o(dzy,)
=1 Xn aeN
OO —O'X
> S [ D Flotin) ot
n=1 "
[es) 670 .
> || DF|lpgxie@) Y oy (U(X)) !
n=1 ’
1
= WHDFH“(M”(QDG—6_"(X))'
Hence x)
o(X
HDFHLl(XvLC"’(Q)) < 1 efg(X)E[F]a
and
o(X) z(1 — e X))
P(F — E[F] > 1) < _ ElFlg (22— ).
(=817 2 ) < o ey 2y 1Pl (o

6 Local gradient on Poisson space

In the Poisson case, if X = R, and o is the Lebesgue measure, then a local gradient
can be introduced, cf. [8], [10], [23]. Let (T )r>1 denote the jump times of the canonical
Poisson process (N;)ier, , and let 7, = Ty, — Tj—1, k > 1, denote its interjump times,

with T, = 0. Let S denote the set of smooth random functionals F' of the form

F=f(rn,...,m), n>1,
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where f is of class C* on R" and has compact support. Let D denote the closable

gradient defined as

k=n

DtF = _Zl[Tkka+1[(t)@kf(Tl7 c. ,Tn), t e R+, Fes.
k=1

Then the relation E[DyF | F] = E[D:F | ] holds, t € R, and the Clark formula

can be written for /' € Dom(D) as:
F = E[F) +/ E[D,F | F)d(N; —t), (6.1)
0
cf. Theorem 1 of [23].

Corollary 6.1 Let F' € Dom(D). We have

22
P(F—FE[F]|>x) <exp|——= : (6.2)
2 DF | o, 1o (o)
and
22
P(F —E[F] > x) <exp (— = ) . (6.3)
HDF [ 0, r2e, )

Proof.  For (6.2) we note that the Wiener space proof of Corollary 4.4 is valid on
Poisson space since D satisfies the chain rule of derivation and the Clark formula
(6.1). Concerning (6.3), we construct the exponential random variables (7j)r>1 as
half sums of squared independent Gaussian random variables. Let F' = f(7,...,7,),

and consider the Wiener functional ©F given as

@F:f(xf+yf mi+y3)’

5 T g
where x1,...,%,, Y1,...,Yn, denote two independent collections of normal random

variables that may be constructed as Brownian single stochastic integrals. Using the

fact that F' and ©F have same law, and the relation
2@|DF|%2(R+) - |D@F|%2(R+), (64)

see Lemma 1 of [24], the application on Wiener space of Corollary 4.3 to ©F yields
(6.3). O
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The bounds (6.2) and (6.3) imply the exponential integrability E[e*""] < oo for all
a < (2||DF||%2(R+7LOO(Q)))*1, resp. a < (4||DF||200(97L2(R+)))*1. The above results can
be obtained from logarithmic Sobolev inequalities, i.e. by application of Corollary 2.5
of [18] to Theorem 0.7 in [1] (or Relation (4.4) in [18] for a formulation in terms of

exponential random variables).

7 Discrete settings

The covariance representations (2.3) and (2.4) which lead to the concentration and
deviation inequalities of the previous sections have versions in discrete settings. Our
purpose is now to explore consequences of such representations. We consider the

discrete structure equation
YZ=1+¢Ys, k€N, (7.1)

i.e. (Yk)ken is a deterministic sequence of real numbers, and (Yj)r>1 is a sequence of
centered independent random variables. Since (7.1) is a second order equation, there
is a family (Xj)g>1 of independent Bernoulli {—1,1}-valued random variables such

that
o+ Xk 4

2 Y
The family (Xj)gen is constructed as a family of canonical projections on Q =

{—1,1}", under the measure P determined from the condition (7.1) and the fact

that E[Y;] = 0 (which imply that E[Y}?] = 1), i.e.

q 1 Pk
=PX,=1)=P(Vy=,/= )| == —FF—, k€N,
Dk (X ) (k pk) 2 2/ 14

1
Sy PR peN,
2 2\/p2+4

Yi k> 1.

and

qk:P(Xk:—l):P(Yk:— %):
k

Let J,,(f,) denote the multiple stochastic integral of f,, € £*(N)°" (the space of square-

summable symmetric functions on N"), defined as

Tlf) = > falkr, .o k)Y o Y,
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where

An:{(kl,..,,kn)EN” : kz‘?’ékj, 1§i<j§n}7

with the isometry

ElJ(fn) Im(gm)] = nll{n=m} (1a, fn, gm)KQ(N)@?"‘

We have

() =n1> " D Y falky e k)Y Y (7.2)

kn=00<k,_1<kn 0<ki<ks

Let S, = Sr=r(X) + 1)/2 be the random walk associated to (Xj)s0, cf. also [12],
20]. If p = p and ¢ = ¢, k € N, then J,(1pnp») is the Krawtchouk polynomial
K,(Sx; N + 1,p) of order n, with parameter (N + 1,p), cf. [26]. The set P of
polynomials in X, Xy, X3,... is dense in L?*(€, P), hence any F' € L*(Q, P) can be

represented as a series of multiple stochastic integrals:

F=> Jufa), fe€lCN)* k>0, Jo(fo) = E[F].
n=0

Definition 7.1 We densely define the linear gradient operator D : L*(Q)) — L*(Q2 x
N) as
ijn(fn> = anfl(fn(*a k)]-An(*a k))a fn € 62(N)On7 n € N.

We have for (ki,...,k,) € A,

Dy (H Ykzi> = luctr, o ka}) H Yi;s
=1 kz;élk

hence the probabilistic interpretation of Dy, is

DpF(S) = Prae (F(S. + Lix,—-n 1<) — F(S. = Lix—n 1<) -

When restricted to cylindrical functionals of the form

F=f(X1,...,X,),

18



the gradient D is the finite difference operator

Dk:F = VDPrqk (f(Xh v 7Xk—17 +17Xk+17 v 7Xn) - f(Xh S 7Xk:—17 _17Xk+17 s 7Xn))7

which (in the symmetric case p, = ¢ = 1/2, k € N), is the operator considered in
[3]. The operator D does not satisfy the same product rules as in the continuous time

case (Relation (2.8)), instead we have:

Proposition 7.2 Let F,G : Q) — R. Then,

X
Dy(FG) = FDyG+ GDyF — pkak DyFDyG, k>0,

and

X
Dyef' = =X /praee” (e Tonar D _ 1) ) (7.3)

P’I’OOf. Let F_’If == F(S + 1{Xk:fl}1{k§-}) and Fk_ = F(S - 1{Xk=1}1{/€§-})7 k Z 0. We

have
D(FG) = peae(FyGf — F;GY)

= e /it (F(GF = G) + G(Ff — F) + (K = F)(G}f - G))
iy vPeae (F(G = Gy) + G(F = Fy) — (F = F)(G = Gy))

Prdrk

We have
- +
Dre” = 1xe=npV/Prae(e” — ) + Lix— 1y v/Drgi(e™ — ")
1 pF s
L=y Ve’ (1= e 0 4+ 1y y/brgee’ (evP 0 — 1)
X
= _Xk\/kakeF (eJﬁD’“F — 1) )
O

The next result is the predictable representation of the functionals of (S5,),>0. Let

fN:O'(Xo,...,XN)’NEN.
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Proposition 7.3 We have the Clark formula

F =E[F)+ Y E[DiF | FialYs, FeL*9Q).
k=1
Proof. For F = J,(f,) we have, using (7.2) (see e.g. [26]):

Mg

F = Juo(fy) =nlJu(fala,) k)1 g1 () Y

= > E[DpJu(fn) | FealYe

k=1
This identity also shows that F' — E[D.F' | F._;] has norm equal to one as an operator
from L?(Q) into L*(Q x N):

IE[D.F | Falllizuny = 1F = ElF|li20) < I1F = E[F]l[720) + E[F]* < | Fl72),
hence the Clark formula extends to F' € L*(). O

The Clark formula implies the covariance identity

Cov(F,G) =

ZDkFE [DiG' | Fi 1]] : (7.4)

k=1

and we also have as in the continuous time case:

Z / =D, FP,D,Gds

where (P;)icr, denotes the semi-group

Cov(F,G) = , (7.5)

PF = Ze*"tjn(fn), t e Ry,

F =35 ,Ju(fn). The next result shows that the semi-group (P;)icr, admits a
representation by a probability kernel and an Ornstein-Uhlenbeck type process which

(in the symmetric case p, = ¢ = 1/2, k € N) is in fact the Brownian motion on

{—1,1}" considered in [2].
Proposition 7.4 For F € L*(Q, Fy),

PF (W) = : F(w)g (w,)dP(w), w,w' €, (7.6)
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where ¢ (w,w') is the kernel

=N
¢ (w,w) = [0+ e Vi(w)Yiw)), ww €.

i=1
Proof. Since L?(2, Fy) is finite (2¥*1-)dimensional it suffices to consider the func-

tional Yy, - - - Yy, with (k1,...,k,) € A,. We have for v’ € Q, k € N:
S (1 + e, /%Yk(w’)) — Qg R (1 —e /%Yk(w’)) = e "V (w),
Pk Pk dk dk
which implies by independence of (Xj)gen:

P(Yiy Vi, ) (W) = eV (W) -+ Vi, (W) = Yy - Vi (,0)], o' €92,

The Ornstein-Uhlenbeck process ((X})ren)ier, associated to (P;)er, satisfies

PXi=1|X{=1)=p+e'q, PXj=-1]X]=1)=gq(l—e),
PXi=1|X)=-1)=p(1l—e") PXi=-1|X)=-1)=q.+e'pp, keEN.

In other terms, the hitting time 71 _; € Ry U {400} of —1 starting from +1, resp. of
+1 starting from —1, has distribution

P(Tl,,l < t) = qk(l — e_t), t e RJH

resp.

P(rog <t)=pe(l—e™), teR,.

The covariance identity (7.5) and the representation (7.6) imply the inequality
[P DF|| @2y < [|Bs|DF eyl < IDF |1 @em), s € Ry,

for FF € Dom(D), hence the next proposition can be proved in a way similar to

Proposition 3.3.
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Proposition 7.5 Let F' € Dom(D). Then

t
E[et(FfE[FD] < exp (/ h(s)ds) , 0<t<ty, (7.7)
0

where h is any of the following functions:

8) =Y _IIDkF o [l Dee*" || .. (7.8)
k=0
h(s) = [IDF||=@emy le™ De || g ) - (7.9)
€_SFD€SF
h(s) = —DF IDF||[Jw2qey> 5 € [0, to]. (7.10)

Although D does not satisfy the same product rule as in the continuous case, from

(7.3) we still have the bound
le™*F Dyest| < \/pqu(evpfch‘D’“F‘ -1), keN, (7.11)
which gives the following corollary to Proposition 7.5.

Corollary 7.6 Let F' € Dom(D). Then

t
E[et(F—E[FD] < exp (/ h(s)ds) ., 0<t<t, (7.12)
0
where h is any of the following functions:
= > IDuF e [ VBRas(e - ) (713)
k=0
h(s) = | DF || oo (q,e2 ) H\/p-Q-(eﬁ‘D'Fl — 1)” , (7.14)

Lo (Q,02(N))

1 s _|D.F
- |V T 0| 1R selu) @)

Again, the inequalities given by (7.13), (7. 14) and (7.15) are not comparable. The
bound /prgi(evea P — 1) < s|DyFle’ o DT , k € N, also shows that Corol-
lary 7.6 holds with

h(s) = SZ | DuF|%,

e \/qu

—=—|DyF| H

and

h(S) = SHDFHLOO(Q!Q(N))||€\/WlD'FlD.FHLoo(Q’gQ(N)), S € [O,to].
The following corollary is obtained with the same proof as on the Poisson space.
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Corollary 7.7 Let F' € Dom(D) be such that
K >0, and [|[DF || e@,em) < 0o. Then

||DF||LO°(Q£2 () K

> (Q2,62(N))

< log [ 1+ iaad
< exp og :
2K IDFI gm0

with g(u) = (1 +u)log(l +u) —u, u > 0.

_]DkF] < K, k € N, for some

Proof. Use the inequality

e *FDpest 1 s Xk _p. F esK—1
[ . —X VPE4d k — ]_ <
P T Do VP (e )< =%
and apply Corollary 7.6. U

In case p, = p and ¢, = ¢, for all k£ € N, the conditions —]DkF] < B, k € N, and
IDF( 7w 20ny < 07, give

2
pir =tz s (5t () ) oo (5w (14 5))

which is relation (13) obtained on {0,1}" in [5]. In particular if F' is Fy-measurable,

then

P(F — E[F] > 1) < exp< Ng <5N)) < exp <—% <log (1+ﬁ—N) - 1)) .

Finally we show a Gaussian concentration inequality for functionals of (S,,),en, using

the covariance identity (7.4). We refer to [4], [6], [14], [16], for other versions of this

inequality:.

Proposition 7.8 Let F': Q) — R be such that

o0

Z 5 IDEI D o
k=

< K2,

o0

Then



Proof. Using the inequality
1
[ =¥ < Stlr —yl(¢" + ), wyeR, (7.16)
we have

_ 1 _
|Dpe'™| = \/kaIk|€tFJ —efi | < ix/pk%ﬂF;j — Fk_|(€tF’“+ + etfi)

1
:—tDF ety < —— 4Dy F|E [eF | X;, i £k
IDLF|(e +€f) < 5o StDFIB [ | X i # 4]

1

= 4B [F|DF|| X;, i £k,
2(pr A qr) [P 7K

and

E[Fe"™] = Y EIEIDF | Fist]Dpe'™] < | DiFl|oE [| Die'™ ]
k= k=0

IN

= 1
tyY ———||DyF||E [E [eF|DLF| | X;, i # k

. 1
= tE |t Z T\;kay\ooyz)kpy

2( kA Qi)

Z leFHIDkFHoo
k=

o0

We can conclude as in the proof of Corollary 4.4. O

In case pp = p < 1/2 for all k € N, we obtain

pa’
P(F — E[F] >z) <exp _HDFH?z( o .
N, Lo
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